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Abstract

There is particular social and policy interest twalgise the factors affecting social
mobility. In this context, the potential contribani of parents status on students success
and consequently on social mobility in Spain is tmain focus of this paper.
Specifically, our goal is to establish the extemtvthich education and training can
affect the length of time taken by young peopldind a job and the quality of the job
that the person can secure, and whether parentg-eoonomics status may have an
influence on this.We analyze the time taken by Spanish graduates fhendifferent
vocational tracks available to find a job and astimate the wage differential earned
by young people graduating from these differentational tracks. To do this we use
various guantitative models and make use of thet furvey specifically designed to
conduct this type of analysis (ETEFIL, 2005).

JEL Classification: J64, J24, 121)31.
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1. Introduction.

There is widespread concern in many countries,utio Spain, about the
difficulties faced by young people in securing adauality job and fears that young
people lack the appropriate mix of skills requifedthe labour market. Given the high
cost of the education investments made by famifiess and the government, there is
particular policy interest in the extent to whidffferent types of education and training
can affect the length of time take by young pedplénd a job and the quality of the
job that the person can secu@mmmentators in Spain have been particularly corezkr
about whether the vocational supply of skills adegly matches demand. To address
this apparent deficiency in the Spanish labour mfar&cent policy developments have
focused on making more appealing the vocationdivpays available to Spanish youth,
with the aim of increasing the supply of workerghwocational skills. For example,
the Vocational Education Act of 2002 aimed to im@rdhe match between the supply
of and demand for vocational qualifications andoad$érengthen apprenticeship and
training initiatives. Yet despite various policyfats, enrolment in vocational education
remains low in Spain in recent years, as discubséalv. In this paper we aim to shed
light on this issue by investigating the labour kedrvalue of different vocational
pathways, assessing first, the extent to whichdifferent vocational paths available to
young people are associated with more or less ragdsition into permanent
employment, and second, analysing the earningsrdiftials earned by graduates from
the different vocational tracks.

If we believe skills are the key to improved labougirket prospects, a worrying
trend in Spain is the high rate of school dropwwhich stood at 27.9% for young people
aged 16-24 by the end of 2005 (MEC, 2007), cleabdgve the average for EU and
OECD countries (14.4% and 17.4%, respectively)addition to a high drop out rate
from education, the OECD’s Thematic Review of thiariBition from Initial Education
to Working Life has suggested that in Spain, asmany Southern European countries,
there are particular problems with the transitioio iemployment, linked to the fact that
school-based vocational pathways dominate (likewlsdy and Greece). The
implication being that such school based provisioss not effectively grant the skills
needed in the labour market. Certainly the numheking vocational routes has
remained low in recent years. Participation of womend men in intermediate

vocational programs has increased slightly (espgd@ males), with 250,000 students

3



enrolled by the academic year 2004/05. In the oabggher vocational training, there is
a downward trend. Only around 10% of the aged 1®d@ilation were engaged in this
kind of learning by 2005. This compares to the prtpn of students enrolled in
academic programmes, which was 25% for males aret 8%% for females. The
population enrolled at University also declined swhat over this period but has
stabilised at a much higher number of studentsyratd..5 million.

Concerns about the provision of vocational skiltgl akill mismatch are not
limited to Spain, however. More generally, the Fagan Centre for the Development of
Vocational Training (see CEDEFOP, 2008) in its gnéded guidelines for growth and
jobs 2005-08 (as well as 2008-10), calls for alrdpean countries to improve their
anticipation of skill needs, skill shortages andl $lottlenecks to better meet the needs
of the labour market. This is part of the relaunthgsbon agenda (2005), which
emphasises human capital and related investmenteducation and training as
important policy levers to foster growth. Partiailliyresponse to this European agenda,
the Spanish central government and the region&baties (autonomous communities)
have promoted different ways to enhance young e&opiuman capital, in terms of
both vocational and academic qualifications. Thartsgh government have attempted
this mainly by increasing the funding to educatiEmerally and regulating curricula.
Vocational training has also been embedded in laloarket policies as a way to
promote vocational education. However despite tioeeased emphasis on vocational
education in Spain, our knowledge of the successttearwise of the students enrolled
in the vocational pathways is limited.

As well as providing empirical evidence on traiosis into work in the Spanish
labour market, this paper aims to contribute to ghbstantial literature on transitions
from education to employment. Most of the previditerature on the Spanish labour
market has focused on the effect of young peopletso-economic background on their
unemployment hazard rate, and on the impact oatheunt and entitlement duration of
the benefit system on unemployment duration (seéwi@e et al., 1996; Alba-Ramirez,
1999; Bover et al., 2002; Jenkins & Garcia-Serr&@®4; Arranz & Muro, 2004 and
2007, Davia & Marcenaro, 2008). Several Spaniskaehers have recently analysed
the transition from school to work in Spain, tryit@explain the poor performance of
the Spanish youth labour market over the last teocades (see, e.g., Ahn & Ugidos
(1995), Doladoet al (2000), Moraet al (2000), Lassibilleet al (2001), Blazquez
(2005) and Alberet al (2008)). Summarizing these contributions, Dolatlal. (2000)
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and Moraet al. (2000) focus on the transitions of university grais. Ahn & Ugidos
(1995), conducted a more general survival analysiag data from thé&ncuesta de
Condiciones de Vida y Trabaj@&CVT, 1985); they found significant differenceg b
gender in terms of unemployment duration (see b#ssibille et al. 2001) but, at least
in the case of men, education level achieved wasamgnificant determinant of the
likelihood of employment. Similarly, Blazquez (2QGinalyses the transition into work
for a 90s cohort using the Spanish LFS but doesfomis specifically on vocational
students. Likewise Blazquez (2005), the paper yeAlet al. (2008) uses the Spanish
section of the European Union Labour Force Suraey, take also into account, as we
do, the distinction between “significant” and “neignificant” jobg; their evidence
shows that educational investment enhances aaeesBrst significant job, specially in
the case of women. Nevertheless neither Blazqua@s)2nor Albert et al. (2008) focus
on vocational qualification or analyse the quabfithe job matching in terms of wage
levels

With regard to the international literature on thensition from school to work,
a useful summary is presented by Ryan (2001), wdiotp out the need to develop
nationally appropriate institutions in order to impe school to work transitions. More
recently Kogan & Miuller (2002) provides cross-coynanalyses using the European
Union Labour Force Survey (EULFS) 2000 ad hoc medu transitions from school-
to-work (the Spanish LFS does not contain infororatbn earnings). More precisely,
these papers evaluate the effects of social baakgron educational and occupational
careers, the relationship between field of educatind gender inequality in the labour
market, the incidence and consequences of job ni$es, job search and mobility
behavior in the early work career, and ethnic iraditjgs in the transition process.

This paper adds to the above literature in a nuroberays. Firstly, we examine
the outcomes and transitions from vocational edocal pathways specifically.
Secondly, we focus on the time taken for a youngsgue to secure his or héiirst
Significant Job(FSJ), rather than simply unemployment duratidfs. do this because
when young people attempt to enter the Spanistutaimarket for the first time, a high
proportion of jobs potentially available to thenedikely to be temporary and low
quality (generally poorly paid). Likewise, movinghs in early career and taking short
periods of inactivity may not be unusual and ineesg may represent a hidden form of
unemployment (Layard & Nickell, 1999). If we simplgnalyse unemployment

durations, we may well get a misleading picturdaiv long it takes a young person to
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really obtain a more stable longer term job. Consetly we use a broader definition of
the time taken to secure a FSJ, which include®gsrof inactivity, unemployment and
time spent in very short term poor quality jobse8fically we use a definition adopted
by the Spanish Office for National Statistics (IN&hich is the time taken to FSJ,
defined as a job of at least 20 working hours (@reh per week lasting 6 months (or
more) in the same firm. Obviously this is just mfg¢he possible indicators we can use
for job quality, and we complement this measurenveither indicators of job quality,
namely wage levels, type of contract and whetheritiividual is over qualified for
their job (see Dolton & Marcenaro, 2008, for a esviof the most recent literature on
this topic). We undertake the analysis on a sampl@cational graduates who finished
their studies in 2001.

The rest of the paper is organized as follows. @aéa, definitions of the
variables analysed and some descriptive statigtepresented in Section 2. In Section
3, we show the econometric approaches used andit rfggo main results. Section 4

concludes and discusses the main implications ofesults from a policy perspective.

2. Data and variables.

The data used in this paper come largely from tpan8h Survey on the
Transition from Education/Training to the Labour et (“Encuesta de Transicidon
Educativo Formativa e Insercién Labotfgl ETEFIL (2005f. This is a nationally
representative survey of Spanish youth, designeshéal light on the mechanisms that
young people use to find a job. It is also thetfimsajor survey that specifically
addresses the problematic transitions into workedagy Spanish vocational graduates.
The sample includes individuals who finished thatirdies during the academic year
2000-2001 and respondents were interviewed in mMi@b2 The full sample includes
individuals who left secondary education with acageor vocational qualifications, as
well as those who left without any qualifications al (they may have continued
studying in a different type of education thoughyl dhose who finished any “special”
vocational training programs (i.e. programmes éhated 100 hours in duration and are
not taken along side a university degree). Althougis not a panel survey, the data

contain a rich set of information on students’ paijs.



The survey was conducted during the period Apiy-R005, and the sample
comprises 45620 observations. Only people underb@5the end of 2001 (31st
December) were surveyed, which means that the toldsgondent in 2005 was 29. The
observations are stratified by educational routes.

We restrict the sample to those completing a vonati program, either a
school-based vocational progranthee an apprenticeship-type vocational programme.
Within the former there are two main subgroupsnalividuals: intermediate vocational
students and higher vocational students. Withinaihgrenticeship pathways, which are
funded by the Spanish Department of Employment IEnd the European Social
Fund) we may distinguish between those programisided in the National Plan for
Vocational Training and Integration (FIP) and thaséhe so calle@&Escuelas Talleand
Casas de Oficio$ETCO) programme (this may be translated as Apmerand Craft
schools). Both programmes are aimed at easingrémsition of young people and
particularly the unemployed into a job; howevee thtter is specifically designed to
help very low skilled workers.

When we restrict the sample to young people foltmya vocational pathway,
we are left with a total sample of 27794 youths. Weher restrict the sample,
excluding from the group of intermediate and higlecational graduates those who
then also undertook a FIP or an ETCO program betvz892 and 2005. This latter
restriction is necessary since we cannot detertfiedime since completing education
to finding a FSJ for these individuals as they etaly return to full time education. It
is also likely that individuals who enrol in a FdPan ETCO programme having already
completed an intermediate or higher level vocali@palification do so because they
face difficulties in the labour market or becauseytfeel that they lack particular skills.
If we are eliminating a lower productivity groupofmn our sample, and if these
individuals are unevenly distributed across théed#int vocational pathways, we may
generate some biases in our estimates of the eliffiet effectiveness of different
vocational pathways. After this restriction, oumdi sample comprises 24481
respondents.

In general, we also need to add a word of cautimutinterpreting the results in
this paper. We are able to explore the labour ntagkperiences of graduates from the
different vocational pathways. The analysis is ssadly descriptive however, since
individuals’ choice of pathway is likely to be erpmous. In the absence of

experimental data or a natural experiment that ywes exogenous differences in the
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vocational pathway chosen, we are unable to urkkeacausal analysis. Despite this,
our work can usefully inform policy-makers of theén@nt situation in the labour market
vis a visthe labour market success of different types eahtional graduate.

The key advantage of the data we use is that tiagmn detailed information on
labour market events and job search activities tiaae occurred since the individual
left full-time education, as well as information tre individual's current and previous
job characteristics. The main descriptive statsstfor the variables used in the
estimation of the models are available from theharst upon request. Thus we have
information on the incidence of job search perigds,search duration, duration of first
job, occupation of first job and whether the personsiders themselves over qualified
for their job and earnings. The data also includésnformation on the level and type
of education obtained by the individual before lagvfull time education and the
particular field of study of the individual’'s vo@anal programme. The vocational track
has been sub-divided into 26 different fields eidst which, to make them manageable,
we have grouped into thirteen categories.

We estimate two different sets of models. Firsfigllowing the literature
described earlier, we estimate a duration modg¢blofsearch to explore the time taken
to get into stable employment by individuals follog different vocational pathways.
Our distinctive contribution here is not only theg¢ focus on vocational graduates, but
also that our dependent variable is the lengthnoé from the end of the person’s full
time education in 2001 until s/he finds a FSJ, afindd earlier in this paper. Our
second model is a conventional wage equation, weenaéngs (banded) in the person’s
current job are regressed against a number of ishaay characteristics, including their
vocational field of study.

In the duration models we include a range of irdiral characteristics, namely
gender, age at completion of education (in 200Bremtal education level and
nationality. Regional labour market characteristite also taken into account in our
estimates, via the inclusion of dummy variablestfa seventeen Spanish Autonomous
Communities, as well as a measure of the quartedjonal unemployment rate (by
gender), which is included as a time varying coatari

Our main focus is on the role of type of vocatiopabgramme and field of
study. We distinguish four distinct types of vooatl programmes: intermediate
vocational, higher vocational, apprenticeship paogg and the workshop programs

(ETCO and FIP, described earlier). As has alreadnb mentioned, workers
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undertaking these latter programs may have greééteulties finding a job and we are
unable to account for this unobserved selectiwte also include in the model the
specific vocational field of study.

In the duration model, the time until the resporidennd a FSJ may be right-
censored due to the data sampling design, i.keifridividual did not find a FSJ before
mid 2005 we will treat the observation as rightsmed.

For the wage equation model, the dependent variabiee person’s wage in
their FSJ and we will make use of an additionalo$etontrols: namely, the number and
length of training courses undertaken after gradodiut before entering FSJ, working
hours, job tenure, whether the worker’s contragieemanent or not, firm size and the
way in which their job search was conducted asoaypfor the person’s social capital
(e.g. their networks, role of family etc.). Variablindicating whether the individual is
over qualified are also included, based on a stibgcmeasure of over/under
qualification (i.e. the individual’'s opinion abouthether their qualifications match or

are above (below) what is required to do their job)

3. Time to FSJ and labour market outcomes: econometriramework.

3.1.Time to FSJ.

The main econometric tool that we rely on to ester@ur job search model is
the semiparametric Cox proportional hazards (PHieh@dCox, 1972), which is the
most commonly used model in hazard regression asdaften been applied to the
study of unemployment duration. See for exampldiséh (1982), Narendranathan &
Stewart (1991), Steiner (2001), Cleves et al. (2002uer (2003), and D’Addio &
Rosholm (2005). This type of duration model (themie transition model and duration
models are often used interchangeably) enables asdlyse the likelihood or hazard
probability of finding a FSJ job at a given pointtime, conditional on the fact that the
event has not occurred up to that pdifonsequently the time-to-event is the length of
the episode until the individual finds their FS3 ifionths).

In this model, the conditional hazard function, egivthe covariate value, is

assumed to be of the form:

i
a0 =200 P @

where(t) represents the hazard function at time t, X is the baseline hazard for an
individual when the values of all the independeatables X) equal zero. Cox’s patrtial



likelihood estimator is a meaningful way of estimgtthe parameters for the regressors
without estimating.(t).

This model makes no assumptions about the naturehape of the hazard
function, which makes it appealing. Neverthelelss,EGox model presumes that the ratio
of the hazard rate to a baseline hazard rate exponential function of the parameter
vector, which is not always the case. This propodlity assumption implies that
changes in levels of the independent variablespriitiuce proportionate changes in the
hazard function, independent of time. It also asssm log-linear relationship between
the hazard function and the independent variables.

The hazard function is just an estimate of rislative risk of the terminal event
(in the context of this paper the terminal event mie®f finding a FSJ): the probability
of the terminal event per unit of time for a casatthas survived up to that time. Thus,
the hazard rate is not the probability of the te@hevent, but the rate of failure at time
(t). The greater the value of h(t) the greaterrite of the terminal event.

Linearizing the Hazard Function with a Dichotomdndependent Variable
h(t) =[hy (1)]e*™ (2)
and dividing both sides byl(t):

h(t) _ (1™ _
MOING

This is the hazard ratio or relative hazafd. This ratio indicates the expected change

®3)

in the risk of the terminal event when X changesnfrO to 1. When it is applied to
continuous data, it is sometimes referred to adrtbiantaneous failure rate (Cleves et
al., 2002).

One difficulty arises because in our data all daret are recorded in months -
l.e. in discrete intervals of time - whereas the ®b% model and indeed the underlying
process of job search assumes continuous time énoan find a job at any moment
within a month). Nevertheless we employ a contirsuduration model, which involves
using the simplifying assumption that exits canyootcur at the boundaries of the

interval (i.e. either at the beginning or at thed efeach montH)

3.2.Returns to vocational qualifications.
This second stage of our analysis consists of amagythe effects of the different

vocational tracks on workers’ earnings in their FBJis provides another indicator of
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the labour market value of different vocationatks A limitation of our data is that it
reports the individual’'s net wage in levels onl\aug, although ideally we would like to
use a linear regression model to compute wage rdiffals across different

qualifications, we have to make use of an orderetipmodel.

4. Main results: empirical approach.

4.1.Duration models.

4.1.1. Non-parametric analysis:

We start by presenting a non-parametric unconditicanalysis of duration
(transition into FSJ). The median survival timedrefexit to a FSJ is 1.5 years (this
figure is computed including those who find a F®dmiediately after finishing
education, i.e. one month later), however when egtrict the sample focusing only on
those who obtained a vocational qualification (befthe end of 2001), the median
survival time is just 6 months. In other words, 5@ those graduating from the
vocational route find a FSJ within 6 months.

This is supported by Figure 1 which shows the pafththe Kaplan-Meier
survivor function and Nelson-Aalen cumulative haizémnction for the period (and
plots 99% confidence intervals at each point esmine Greenwood-type confidence

intervals are very close to the survivor functiohieth makes them difficult to observe).
- Insert Figure 1 here —

The left hand panel of Figure 1 illustrates thebatality of remaining not in a
FSJ through time (t); in this context, continuedvsaial implies a negative situation
where the individual remains unable to secure a FBd right hand panel of Figure 1
shows the cumulative likelihood of a worker findiagFSJ given that he/she has not
found one up to time (§. The hazard shows a peak just after graduatidh Hend
panel; see Table B2, Appendix B, for descriptivatistics on this for the whole
sample), which is consistent with findings in threpous literature that the hazard of
finding a job is very high during the first few pes after leaving the educational
system. This implies that the value of the cumué&survival function falls rapidly
during the first months after leaving vocationalieation (left panel), reflecting the fact

that many graduates find jobs immediately. Subseityjethe cumulativehazard
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increases at a decreasing rate up to approximéiede and half years after leaving
school (convex shape of the curve), holding constaam than point onwards (the
estimated survival and cumulative hazard functienddferent points in time are
available from the authors upon request).

A priori we expect some differences in the duration to B$Jgender,
particularly given the large gap in the unemploytmates for female and male young
adults. We also anticipate potential differencesthie duration to FSJ by type of
vocational program completed. In Figure 2, we shbe (Kernel-smoothed) hazard

function by gender and by vocational track.
- Insert Figure 2 here —

Figure 2 suggests that men progress more rapiddy anFSJ than women: in
particular, men have a much higher probabilityedwsing a FSJ in their first year after
graduation. Nevertheless men and women’s hazaes @nverge by the end of the
period, particularly from the third year onwardeThazard rate for both genders is
non-linear and does not exceed 6% at any time, ifkisates that, at the peak of the
hazard, there is a 6% chance of the youth exitmg t=SJ in any particular month,
which is consistent with the results for other OE@Duntries (Serneels, 2001,
suggested it stays mostly below 7%)

The right hand panel of Figure 2 suggests that hg@graduating from the
intermediate vocational program have the highesbatility of finding a FSJ. By
contrast, higher vocational graduates and those edmipleted ETCO-apprenticeship
programs have a somewhat lower risk of exiting t6Sa. Young adults who have
completed a FIP-training program have the lowesbability of exit to a FSJ at any
point in time. Although these results are purelgaiptive, it is of note that the FIP
programme graduates do not exit quickly to a F@idtlfpreflecting issues around the
selectivity of this group of young people).

Table 1 reports tests of whether the survival fiomst are equal for men and
women, and across the different vocational trakks.surprisingly the tests suggest that
we can reject the null hypothesis of equality. WMicoxon-Breslow test presented in
Table 2 indicates that the survival functions atatistically significantly different
across gender stratified by the vocational tradlofeed. The log-rank, Tarone-Ware

and Peto-Peto tests show virtually the same results
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- Insert Table 1 here —

- Insert Table 2 here —

Third, there is some evidence of negative durati@mpendence. The non-
stratified kernel smoothed hazard rates show theesaverall pattern as Figure 2. This
is not presented for space reasons. This negativatidn dependence is especially
relevant between months 6-12. It might be a sigw ittdividuals who have not found a
FSJ within 6 months may suffer from the stigma ot having exited to a FSJ.
Alternatively, this could be capturing a negativelestion effect with respect to
unobserved characteristics (e.g. unobserved skittgt is, the negative duration
dependence may be bogus, see Lancaster (1990)e Thesubstantial evidence of
negative duration dependence in the transition npleyment (see for example,
Abbring et al. (2001), for USA, Arumpalan et al9¢b and Andrewst al (2002), for
UK, Alba-Ramirez (1998, Cafadaet al (1998) and Gonzalez-Betanagtral (2004),
for Spain).

4.1.2. Semi-parametric/ parametric analyses:

In our semi-parametric analyses, we seek to takeowst of personal
characteristics and duration dependence in our mo&pecifically, we use the Cox
proportional hazard (PH) modélas briefly presented in section 3.1. This modakes
no assumptions about the nature or form of the rdakanction, i.e. it estimates by
partial likelihood the“Icoefficients without estimating the shape of thedbae hazard.
The model does however, assume proportionality,that changes in levels of the
independent variables will produce proportionateinges in the hazard function,
independent of time. Tests for whether this assiongtolds have been computed are
an available from the authors upon request. Thssiraption holds across vocational
tracks but not across gender. We overcome thistiynating separate proportional Cox
hazard models by gender.

Table 3 displays the estimated coefficiehfer several different specifications
of a model, where the dependent variable is thes ttm a person’s FSJ. We use
Breslow’s method for handling ties because the thpé ties is relatively low in our
data, and, consequently, there are not substadifif@rences with other estimation
methods. The model controls for age, nationalitgreptal education and region.
Although our preferred specifications are estimatepgarately by gender, we start with
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a combined male/female sample, which allows utk lat the relationship between
gender and time to a FSJ. Gender is significartigted to the time taken to secure a
FSJ. Consistent with previous work, females takgéw to find their first significant job
than males (e.g. Genda & Kurosawa, 2000, and Liflesdt al 2001). Older youth take
less time to find a FSJ, whilst nationality is gnaficantly related to the time to a FSJ
(perhaps unsurprisingly as by 2001 the immigrateme was still very low in Spain as
compared to other EU countries). The influence arhify background is somewhat
perverse: youth with more highly educated pareake tonger to exit into a FSJ as
compared to parents with less than primary schdotation (the previous literature on
this has not been conclusive, see Dokbml 1994, Nielseret al 2001, Andrewt al
2002, and Corrales, 2005). This could be becausster parental wealth enables young
people to take longer to enter their FSJ (they majertake more protracted searches to
maximise the quality of their job match, for exasjplalthough we are unable to verify
this. Certainly young people in Spain (as in otBeuthern European countries) are now
leaving the parental home at a later age than wessiqusly the case (Aasswt al,
2002, and Chiuri & Del Boca, 2007). In fact by 20@6re than 70% of the population
aged 15-29 were living at their parents’ home. lyashe results indicate that region of
domicile is also significantly related to time td~&J, as expected given the difference
in regional unemployment rates across Spain.

Our main focus however is on the relationship betwthe type of vocational
education acquired and the duration to a'&Sthose who completed higher vocational
training (the reference group) take longer, holdawvgrything else constant, to find a
FSJ than those who graduate with an intermediatatianal qualification. This is of
course counter-intuitive given that the latter reggm (at least) two fewer years of
education and training. Graduates with a higherational training qualification do
however have an advantage over those who complete-fraining program: the latter
take significantly longer to secure a FSJ. Male® wdke the ETCO apprenticeship
route take less time to find a FSJ than those Wwigiher vocational training, whilst

females who take the ETCO courses take signifigandre time to find a FSJ.

- Insert Table 3 here —

Those who take FIP training or ETCO training casoahave other types of

vocational and academic training. In the final teaumns in Table 3 we split out the
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FIP and ETCO workers according to their previougleof education and training,
namely below primary, primary, upper secondaryenmiediate vocational or higher
vocational. This allows for the fact that someonthETCO training may also have an
intermediate or higher level vocational qualificati The results suggest that FIP
students with intermediate vocational qualificaidake a similar time to find a FSJ as
compared to the base case of workers with highecatimnal qualifications.
Interestingly however, FIP students who alreadyehahigher vocational qualification
take longer to secure a FSJ as compared to thode just a higher vocational
qualification. We suspect this is caused by theatieg selection process into FIP, i.e.
individuals with higher level vocational qualificets who then enrol in FIP have
probably experienced problems integrating intol&h@ur market already.

To test the robustness of the above results, veeessmated various parametric
models, which make different assumptions about uhderlying distribution of the
hazard. Specifically, we undertook this modelliogtést for the potential existence of
duration dependence, i.e. the notion that the loageorker takes to find a FSJ, the less
likely he or she is to secure such a job in the pexiod (perhaps due to stigma effects).
Additionally, we are also concerned that due tohseoved selection processes our
results in Table 3 may be biased by unobserveddgdaeity. Table 4 below compares
the results from various models, with and withouwtcaunting for unobserved
heterogeneity. The results are qualitatively simdaross the different models and in
comparison with the Cox model in Table 3, namebt tindividuals with intermediate
vocational qualifications take less time to seafeSJ, whilst workers with FIP training

take longer to secure a good job.

- Insert Table 4 here —

Table 4 provides some evidence of negative duratependence (the value of
parameteip for the Weibull distribution (p<1)). There is alswidence of unobserved
heterogeneity, as the parameter thé)aig significantly different from zero. Even so,
the hazard rates change very little, accordinglyreaults are similar to those discussed
in our previous analyses.

The fact that intermediate vocational qualificac@appear to be associated with
more rapid transitions into a FSJ than higher vooat qualifications, might suggest

some problem with the nature of higher vocatiomaining in Spain. However, it is
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possible that higher vocational qualifications dynpclude a different mix of fields of

study as compared to intermediate qualificatiohigher vocational training tends to
be in subject areas that are less in demand itabwur market, this may explain why
individuals with higher vocational qualificationake longer to integrate properly into
the labour market. We therefore investigate furttmer relationship between field of
study and time to a FSJ, allowing for the levejoélification acquired (Table 5).

- Insert Table 5 here —

Table 5 compares the time to a FSJ for each catibm of field of study and
level of qualification by gender, with the baseecaging a worker with a higher level
vocational qualification in the field of administi@. Table 5 indicates that there are
large significant differences across subject asgmbsqualification levels, in terms of the
time taken to secure a FSJ. Almost without exceptimales with intermediate
qualifications take less time to a FSJ regardlédielnl of study as compared to males
with higher level vocational qualifications in adnstration (the coefficient on arts and
entertainment is insignificant). Females with imediate qualifications in wholesale
and retail trade also take less time to secure & déBnpared to those with higher
vocational qualifications in administration. By d¢m@ast females with intermediate
qualifications in agriculture, forestry and fishitake significantly longer to secure a
FSJ.

For females, those with higher level vocational Idigations in most fields
(other than accommodation and food service, otaerices or water and energy) take
significantly longer to secure a FSJ, as compaoetthase with higher level vocational
qualifications in administration. For males, thett@an is more mixed. Males with
higher level vocational qualifications in accommbaia and food, manufacturing, water
and energy, and wholesale and retail trade, tas® tieme to secure a FSJ than males
with higher level qualifications in administratioqually males with higher level
vocational qualifications in agriculture, arts amehlth fields take significantly longer to
find a FSJ.

Moving down the table, we consider the time to al F& those with FIP
training. For females, FIP training in all fields associated with a longer duration to a
FSJ, with the exception of the fields of mining other services (for which the

coefficients are insignificant, largely due to thery few females who take this type of
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training). Broadly, females who undertake FIP tragntake longer to get a FSJ,
regardless of their field of study. The patterragain more mixed for males. In many
fields, such as administration, arts, and inforomatiFIP training is associated with a
longer duration to a FSJ. Equally, males with FHining in manufacturing,
professional and scientific fields and wholesald eetail trades, take less time to a FSJ.

Generally, for women, undertaking an ETCO apprestigp is associated with
taking longer to find a FSJ. The exceptions for womare in the fields of
administration, arts and information. For males)egally ETCO apprenticeships appear
to be associated with taking less time to find 4, least in construction, information,
manufacturing, other services, professional anénsific and the energy and water
fields.

4.2. Job Quality.

Thus far we have focused on the time taken to seaUfSJ. In this section we
consider two other measures of job quality, nanvefges and skill match. Table 6
shows the wage differences across field of studwlification level combinations for
the person’s FSJ. The dependent variable is ne¢ \wagcalendar month in levels in the
person’s first significant job. The bounds for theset wage levels are: <433.55€,
433.55 - 749.99€, 750 - 999.99€, 1000 - 1249.92601 1499.99€, 1500 - 1999.99¢€,
2000 - 2499.99€, 2500 - 2999.99€ and >=3000€. Tisé $pecification shows wage
differences across the different levels of quadificns. As we move from left to right
across the table, Specification Il separates oosehwith FIP or ETCO training
according to prior educational achievement, speatiin 111 allows for field of study. In
specification 1V, we allow for skill mismatch, i.ehether the qualifications required for
the job exceed the individual's own level of quahtion or whether s/he is over
qualified.

Briefly, the results from table 6 indicate that, surprisingly, men earn
significantly more than women. Older workers earoren as do those working more
hours. Workers in larger firms and those who uradertmore training earn more.
Parental education is largely positively related the individual’s monthly wage,
although only maternal education is significantweweer, our interest is primarily in the
coefficients on the qualification variables.

The coefficients from table 6 suggest that indialdu with intermediate
vocational qualifications earn less than those Wwigher vocational qualifications. This
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IS perhaps reassuring. Even if individuals withheig vocational qualifications take
longer to secure a FSJ (as suggested by the psedoration analysis), the value of
higher vocational qualifications exceeds intermexdligvel qualifications. The results
also suggest that workers taking FIP or ETCO trginearn significantly less than
workers with higher level qualifications. We aret mtaiming this is causal however,
due to the negative selection into these programaiesissed earlier. Indeed this is
obvious from Specification Il, which allows for tharevious qualification level of

workers taking FIP and ETCO programmes. Specibeatii suggests that FIP and
ETCO workers earn less even if they had other woeak qualifications previously. In

fact almost regardless of prior qualification, &@Fir ETCO qualification is associated
with earning less than those with higher vocatiapadlifications. For example, workers
with ETCO qualifications and higher vocational dfiehtions earn significantly less

than workers with just higher vocational qualificats. This might confirm that there is
a selection process here, whereby individuals wigviously high levels of vocational
qualification then have difficulties in the laboaorarket and enrol in FIP or ETCO.
These individuals then go on to earn less in theda market.

Our final specification includes controls for whettor not the person is over
qualified for his or her job. Of course the qualiythe job match achieved by a worker
is in fact an outcome from that person’s educaitiwestments, including their choice of
subject area. So we might view whether or not teesgn is overeducated and any
impact on wages arising from this as part of thgatige or positive return to a given
qualification and endogenous. In which case, smatidbn Il would be preferable.
However, it is nonetheless of interest to invesdghe impact of being overeducated on
workers’ wages and on the wage differences acroabfigation/ subject combinations.
The variable signifying whether someone is overlified in their job is highly
negatively significant, i.e. overeducated workeamesignificantly less than adequately
matched workers. Undereducated workers earn Sigmnifiy more than adequately
matched workers. This is consistent with a rangeropirical evidence for Spain and
other countries (see, e.g., Alba-Ramirez, 1994)aton and Marcenaro, 2008). What
is more striking, however, is that inclusion of gheover qualification/ under
gualification variables dramatically impacts on thelue of the qualification/subject
coefficients. Many coefficients become significamhen previously they were not
significant in the specification that did not cantfor overqualification (and vice versa);

some even reverse sign. Clearly this indicates Wmatkers with qualifications in
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different fields have different propensities to dereducated and that this will impact
on the wage premium they earn for their qualificati

- Insert Table 6 here —

5. Conclusions.

The purpose of this paper was to describe the &sbyur market experiences of
Spanish youth entering the labour market with d#ife types of vocational education.
Specifically, we focused on the time taken to seaugood quality permanent job, i.e.
the time to a First Significant Job (FSJ). Thislgsia suggested that in fact workers
with higher level vocational qualifications takenger to integrate into the labour
market than workers with lower level qualificatiorsich as intermediate vocational
qualifications. Given that workers with more edechparents also take longer to secure
a FSJ, we interpret these findings to mean thatenamlvantaged youth (with more
educated parents and taking higher vocational figetions) may be taking longer to
secure a FSJ perhaps because they are extendingothesearch to secure a higher
quality job. In fact, our analysis of the impact different types of vocational
qualifications on workers’ job quality (as measulgdearnings) seems to confirm this.
Although workers with higher vocational qualificatis take longer to secure a FSJ, they
do earn significantly more than workers with intedrate vocational qualifications, for
example. This finding illustrates the importanceaoflysing many dimensions of job
quality, rather than simply focusing on the dunatiof unemployment or under-
employment for example. Likewise we found that ogealified workers were paid
substantially less than adequately matched worker$ that allowing for this skill
mismatch radically altered the wage premia earngd wworkers with different
gualifications. Subject areas where workers wereentikely to be overeducated appear
to pay relatively low wages but this partly refedhe fact that workers are over
qualified.

Our duration analysis also clearly indicated thairkers taking the special
vocational training programmes, such as FIP and &Tfared poorly in the labour
market: they took longer to secure a FSJ and easigguficantly less when they did
find such a job. We do not however, suggest thatrdiationship between having a FIP

or ETCO qualification and poor labour market pratpés causal, as we found evidence
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of negative selection into these special vocatitr@@hing programmes. It is more likely
that low productivity individuals who find integran into the labour market difficult,
end up taking these special programmes. Such ohails would have fared poorly in
the labour market anyway. Without rigorous programeraluation, it is impossible to
say whether such programmes are being effective samth evaluation is urgently
needed in the Spanish labour market.

Using detailed data on the field of study takenelagh worker, we were also
able to look within categories of qualificatione(iwithin a more homogenous sample of
young people) and describe the different labourketaexperiences of workers with
qualifications in different fields of study. We fod substantial differences in both the
time taken to secure a FSJ and earnings, acrofesethif fields of study. In general,
qualifications in industries in decline (e.g. agtiare) were less valuable than
qualifications in service sector jobs (e.g. admraison). It is perhaps of note that very
few sectors of the labour market are occupationa@fulated in Spain, and as a result
the link between the qualifications awarded to ¢has school-based vocational
programmes and particular occupations is relatil@hge. This may explain why some
fields of study in major industries (e.g. arts amiertainment) appear to give relatively

low labour market returns.
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Figure 1. Estimated non-parametric survivor and (emulative) hazard function.
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Figure 2. Kernel smoothed hazard rates, by gendema vocational track.
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Table 1. Tests for equality of survivor functions.

Tests for equality of survivor functions

Variables: Log-rank

Wilcoxon-Breslow

Tarone-Ware

Pdo-Peto

12 (1)=162.56**

Gender Prob.>y2=0.000

x2(1)=211.16"*
Prob.>y2=0.000

x2(1)=199.13***
Prob.>y2=0.000

x? (1)=203.44%*
Prob.>y2=0.000

12 (3)=630.42++

Vocational tracks Prob.>y?=0.000

x?(3)=664.90***
Prob.>,2=0.000

x?(3)=678.89***
Prob.>,2=0.000

x?(3)=672.28**
Prob.>y2=0.000

Note: *** differences in survivor functions are sificant at 1%
Source: Authors' own calculations from ETEFIL (205

Table 2. Tests for equality of survivor functions ly gender (stratified).
Strata
Higher Vocational

Intermediate Vocational
x2(1)=68.97*** y2(1)=12.76%**
Prob.>)(2 =0.000 Prob.>)(2 =0.000

Note: *** differences in survivor functions are gi§icant at 1%
Source: Authors' own calculations from ETEFIL (205

ETCO-program FIP-program
x2(1)=68.02***  2(1)=117.92***
Prob.>,2=0.000 Prob.>y2=0.000

Gender

Table 3. Estimates for Cox proportional hazard risks model.

Specification | Specification Il
All Female Male Female Male
Gender (Male=1) 0.173**
(0.015)
Age at completion of education 0.058*** 0.073*** 0.049*** 0.074*** 0.055***
(0.004) (0.007) (0.006) (0.007) (0.006)
Nationality (Non-Spanish=1) -0.123 0.010 -0.193 0e3. -0.211
(0.128) (0.202) (0.165) (0.202) (0.165)
Mother highest level of education:
Primary 0.033 0.038 0.027 0.042 0.035
(0.029) (0.043) (0.040) (0.043) (0.040)
Secondary (academic track) -0.052 -0.006 -0.088*  00m. -0.074
(0.039) (0.058) (0.053) (0.058) (0.053)
Vocational Intermediate 0.025 -0.009 0.047 -0.009 057
(0.049) (0.073) (0.067) (0.073) (0.067)
Vocational Higher -0.151** -0.080 -0.223** -0.075  0.196**
(0.069) (0.098) (0.096) (0.098) (0.096)
University degree (short) -0.296***  -0.309***  -0.288***  -0.290***  -0.272%*
(0.061) (0.094) (0.080) (0.095) (0.080)
University degree (long/PH/Master) -0.362**  -0.4%52 -0.305***  -0.439***  -0.283***
(0.066) (0.109) (0.083) (0.109) (0.083)
Father highest level of education:
Primary -0.040 -0.001 -0.081* -0.005 -0.075*
(0.030) (0.044) (0.042) (0.044) (0.042)
Secondary (academic track) -0.131 % -0.055 -0.194* -0.051 -0.185***
(0.039) (0.057) (0.053) (0.057) (0.053)
Vocational Intermediate -0.144%* -0.104 -0.179%** -0.100 -0.173%*
(0.049) (0.074) (0.066) (0.074) (0.066)
Vocational Higher -0.118** -0.051 -0.169*** -0.054  -0.154**
(0.050) (0.078) (0.065) (0.078) (0.065)
University degree (short) -0.288**  -0.234**  -0.336**  -0.232*%*  -0.315%**
(0.057) (0.089) (0.074) (0.089) (0.075)
University degree (long/PH/Master) -0.260**  -0.287 -0.303**  -0.197**  -0.276***
(0.050) (0.079) (0.065) (0.079) (0.065)
Quialification completed in 2001:
Intermediate Voc 0.263*+* 0.210**  0.309***  0.211***  (0.319***
(0.020) (0.029) (0.028) (0.029) (0.028)
FIP — training program -0.160%*** -0.233**  -0.092***
(0.021) (0.030) (0.029)
ETCO-apprenticeship programs 0.014 -0.186***  0.175*
(0.028) (0.044) (0.037)
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Table 3. (continued)

Access via for those with FIP:

Below Primary -0.311 %+ 0.010
(0.097) (0.073)
Primary or Lower Secondary -0.159*** 0.015
(0.041) (0.036)
Upper Secondary -0.391%*  -0.385***
(0.045) (0.048)
Intermediate Vocational -0.030 0.104
(0.062) (0.066)
Higher Vocational -0.220** -0.009
(0.095) (0.091)
Access via for those with ETCO:
Below Primary -0.293**  0.180***
(0.101) (0.064)
Primary or Lower Secondary -0.214**  0.206***
(0.055) (0.044)
Upper Secondary -0.120 -0.011
(0.106) (0.121)
Intermediate Vocational -0.011 0.202
(0.101) (0.136)
Higher Vocational -0.114 0.164
(0.169) (0.220)
Regions (Autonomous Communities):
Aragon 0.283*** 0.387** 0.166** 0.383*** 0.159**
(0.052) (0.079) (0.069) (0.079) (0.069)
Asturias 0.1471%* 0.138* 0.112 0.134* 0.098
(0.050) (0.073) (0.068) (0.073) (0.068)
Balearics Islands 0.401** 0.554*** 0.197* 0.556*** 0.190*
(0.074) (0.099) (0.110) (0.099) (0.110)
Canary Islands 0.068 0.156** -0.035 0.151** -0.037
(0.047) (0.066) (0.066) (0.067) (0.066)
Castilla Mancha 0.189*+* 0.201*** 0.155** 0.215*+* 0.145*
(0.045) (0.066) (0.061) (0.066) (0.062)
Catalunya 0.185*** 0.310*** 0.056 0.306*** 0.050
(0.032) (0.047) (0.044) (0.048) (0.044)
Valencia 0.110%** 0.207*** 0.004 0.204*** 0.002
(0.034) (0.049) (0.047) (0.049) (0.047)
Madrid 0.298*** 0.407**  0.182**  (0.408*** 0.174**
(0.026) (0.037) (0.035) (0.038) (0.035)
Murcia 0.189*+* 0.131 0.206*** 0.137 0.196***
(0.056) (0.085) (0.074) (0.085) (0.074)
Navarra 0.329%** 0.224* 0.351** 0.228** 0.350%**
(0.065) (0.108) (0.083) (0.108) (0.083)
Basque Country 0.243** 0.262**  0.186**  0.256*** 0.173%+*
(0.039) (0.062) (0.051) (0.062) (0.051)
La Rioja 0.174 0.266* 0.066 0.254* 0.059
(0.107) (0.154) (0.149) (0.154) (0.149)
Ceuta 0.305* 0.471* -0.060 0.475* -0.080
(0.173) (0.203) (0.335) (0.203) (0.335)
Observations 20997 10069 10928 10069 10928
LR ¥ z 1170.76**  691.25** 525.83** 729.28** £01.21*+*

Data source: ETEFIL (2005). Dependent variable:etitmonths) up to FSJ. Only regions with significant
coefficients are reported (to conserve space).
Baseline case: Spanish woman, mother and fatherlthan Primary education, with Higher Vocationainpleted
in 2001, living in Andalusia. Standard errors iadkets. *** significant at 1%, ** significant at 5% significant at

10%.
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Table 4. Parametric models of the hazard of finding FSJ.

Not accounting for unobserved

Accounting for unobserved heterogeneity

heterogeneity
Exponential  Gompertz Weibull Exponential Gompertz Webull Cox (PH)
Qualification completed in 2001:
Intermediate Voc 0.454*** 0.309*** 0.336*** 0.451*** 0.308*** 0.335*** 0.369***
(0.020) (0.020) (0.020) (0.020) (0.020) (0.020) .0a1)
FIP — training program -0.189** -0.206*** -0.178*** -0.194*+* -0.208*** -0.181%* -0.184+*
(0.021) (0.021) (0.021) (0.021) (0.021) (0.021) .0R2)
ETCO-apprenticeship programs 0.052* -0.006 0.024 0.064** -0.004 0.028 -0.015
(0.028) (0.028) (0.028) (0.029) (0.028) (0.029) o62)
Full controls including gender, v v v v v v N
age, parental education
Region dummies: v v v v v v \/
Constant -5.075*** -3.635*** -3.404** -4.924%* -3.588*** -3.343%*
(0.100) (0.100) (0.101) (0.141) (0.115) (0.118)
Observations 20997 20997 20997 20997 20997 20997 20997
LR y* 2744.23**  1700.75**  1741.45%* 2592.23*+* 1638.58*  1671.88*** 1125.23%**
r -0.07 1%+ -0.07 1%
Ln (p) -0.480%*** -0.479%**
P 0.619*** 0.620***
1/p 1.616*** 1.614%**
Ln (6) -4.306** -5.648*+* -5.432%*
() 0.0134** 0.0035*** 0.0043***

Note: The log-logistic and log-normal models haweé lImeen reported to conserve space, but resultgeayesimilar to those shown
for the exponential, gompertz and weibull distribos. The estimates of the generalized gamma hligton did not converge.

Standard errors in brackets. *** significant at I¥significant at 5%, * significant at 10%.
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Table 5. Estimates for Cox proportional hazard risls model.

Specification IlI

Female Male
Gender and Nationality N N
Age at completion of education y y
Mother and Father highest level of education: y y
Regions (Autonomous Communities) Y y
Intermediate Voc.:
Accommodation and food service activities 0.090 504*
(0.101) (0.110)
Administrative and support service activities 0289 0.333***
(0.055) (0.091)
Agriculture, forestry and fishing -0.487* 0.473***
(0.270) (0.115)
Arts, entertainment and recreation 0.167 0.126
(0.193) (0.163)
Construction 1.181 0.465**
(1.002) (0.228)
Human health and social work activities 0.091 0.441+*
(0.057) (0.144)
Information and communication 0.062 0.357***
(0.113) (0.108)
Manufacturing -0.028 0.584***
(0.102) (0.073)
Mining and quarrying - -
Other service activities 0.212%** 0.820**
(0.071) (0.384)
Professional, scientific and techn. act.. 0.241* 0402**
(0.131) (0.157)
Water and energy supply -0.011 0.559%**
(0.449) (0.076)
Wholesale and retail trade; repair of vehic. 0.132* 0.591%**
(0.079) (0.076)
Higher Voc.:
Accommodation and food service activities -0.101 279**
(0.077) (0.117)
Administrative and support service activities refere reference
reference reference
Agriculture, forestry and fishing -0.620*** -0.320*
(0.227) (0.127)
Arts, entertainment and recreation -0.505*** -0.543**
(0.140) (0.116)
Construction -0.413*** -0.194*
(0.114) (0.099)
Human health and social work activities -0.294*** 0.261**
(0.050) (0.119)
Information and communication -0.129* 0.112
(0.068) (0.071)
Manufacturing -0.221*** 0.266***
(0.077) (0.074)
Mining and quarrying - -
Other service activities -0.107 0.041
(0.067) (0.122)
Professional, scientific and techn. act.. -0.171* 0.145
(0.097) (0.139)
Water and energy supply -0.375 0.174*
(0.291) (0.076)
Wholesale and retail trade; repair of vehic. -0*%208 0.278***
(0.081) (0.079)
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Table 5. (continued)

Specification IlI

Female Male
FIP :
Accommodation and food service activities -0.348%** -0.024
(0.100) (0.143)
Administrative and support service activities -0.292*** -0.217*
(0.060) (0.110)
Agriculture, forestry and fishing -0.517*+* -0.013
(0.171) (0.132)
Arts, entertainment and recreation -0.423** -0.377*
(0.193) (0.163)
Construction -1.123%** 0.138
(0.356) (0.099)
Human health and social work activities -0.352%+* -0.115
(0.076) (0.150)
Information and communication -0.509%** -0.262%**
(0.069) (0.081)
Manufacturing -0.232%+* 0.290***
(0.074) (0.076)
Mining and quarrying 0.985 0.514*
(1.002) (0.288)
Other service activities -0.105 0.194
(0.082) (0.145)
Professional, scientific and techn. act.. -0.501*+* 0.442%+*
(0.171) (0.164)
Water and energy supply -0.813** 0.233*
(0.381) (0.092)
Wholesale and retail trade; repair of vehic. -0.156* 0.345%*
(0.082) (0.085)
ETCO:
Accommodation and food service activities -0.290** -0.420
(0.140) (0.359)
Administrative and support service activities -0.893 -
(1.003) -
Agriculture, forestry and fishing -0.283*+* 0.050
(0.099) (0.120)
Arts, entertainment and recreation 0.289 0.478
(1.004) (0.365)
Construction -0.377%+* 0.305%**
(0.111) (0.081)
Human health and social work activities -0.321%+* 0.232
(0.087) (0.210)
Information and communication -0.101 0.454%+*
(0.158) (0.153)
Manufacturing -0.383*** 0.324*+*
(0.092) (0.082)
Mining and quarrying - 0.532
- (0.414)
Other service activities -0.286** 0.539%**
(0.130) (0.162)
Professional, scientific and techn. act.. -1.048** 0.959**
(0.502) (0.414)
Water and energy supply -0.382 0.446%**
(0.246) (0.119)
Wholesale and retail trade; repair of vehic. - -
Observations 9368 10139
LR y? 648.51** 765.59%**

Data source: ETEFIL (2005). Dependent variableet{months) up to FSJ.

Baseline case: Spanish woman, mother and fatheerldivan Primary education, with Higher
Vocational completed in 2001, living in Andalusig&twan Administrative Field in Higher vocational.
Standard errors in brackets. *** significant at 1%esignificant at 5%, * significant at 10%.



Table 6. Returns to vocational qualifications.

Specification |

Specification Il

Specification 11l

Specification IV

All All All All
Gender (male==1) 0.915%** 0.918*** 0.816*** 0.813***
(0.024) (0.024) (0.029) (0.029)
Age at completion of education 0.040*** 0.034*** 0.031*** 0.032***
(0.007) (0.007) (0.007) (0.007)
Agreed working hours 0.026*** 0.027*** 0.029%** 0.029***
(0.002) (0.002) (0.002) (0.002)
Surplus working hours 0.012*** 0.013*** 0.015%** 0.016***
(0.002) (0.002) (0.002) (0.002)
Firm size:
11-49 employees 0.127%** 0.122%** 0.112%** 0.118***
(0.027) (0.027) (0.028) (0.028)
50 or plus emploees 0.285%** 0.284*** 0.254*** 0.264***
(0.026) (0.026) (0.028) (0.028)
Number of language courses 0.087*** 0.079%** 0.080* 0.073*
(0.028) (0.028) (0.029) (0.029)
Number of other (no regulated) courses 0.069*** 06Q*** 0.060*** 0.055%**
(0.015) (0.015) (0.017) (0.017)
Mother highest level of education:
Secondary (academic track) 0.155*** 0.144%*x 0.122* 0.124*
(0.055) (0.055) (0.057) (0.058)
University degree (long/PhD/Master) 0.170* 0.163 21Bx* 0.215*
(0.102) (0.102) (0.106) (0.106)
Qualification completed in 2001:
Intermediate Voc -0.112%** -0.124***
(0.028) (0.028)
FIP — training program -0.225%**
(0.031)
ETCO — apprenticeship program -0.399***
(0.042)
Access via for those with FIP:
Below Primary -0.423*** 0.349 0.323
(0.095) (0.368) (0.369)
Primary of Lower Secondary -0.312%** 0.539 0.506
(0.040) (0.358) (0.358)
Upper Secondary -0.086* 0.745* 0.732**
(0.052) (0.362) (0.363)
Intermediate Vocational -0.222%** 0.670* 0.657*
(0.066) (0.363) (0.364)
Higher Vocational -0.004 0.933* 0.916*
(0.090) (0.372) (0.372)
Access via for those with ETCO:
Below Primary -0.383*** -0.345 -0.350
(0.083) (0.641) (0.643)
Primary of Lower Secondary -0.403*** -0.339 -0.338
(0.052) (0.640) (0.641)
Upper Secondary -0.367*** -0.382 -0.322
(0.133) (0.655) (0.657)
Intermediate Vocational -0.559*** -0.600 -0.577
(0.117) (0.644) (0.645)
Higher Vocational -0.457** -0.437 -0.403
(0.181) (0.669) (0.671)
Required qualifications:
Overqualified -0.312%**
(0.027)
Underqualified 0.170%**
(0.060)
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Table 6. (continued)

Specification Specification Specification Specification
I Il 11} Y
Vocational fields:
Intermediate Voc - Accommodation and food service 0.226** 0.213** 0.108 0.440***
(0.098) (0.098) (0.138) (0.149)
Intermediate Voc - Construction 0.911** 0.893** -0.99 1.332%**
(0.429) (0.429) (1.154) (0.473)
Intermediate Voc.: Human health and social work .228*** -0.244*** -0.316*** 0.052
(0.075) (0.076) (0.083) (0.220)
Intermediate Voc.: Manufacturing 0.125* 0.102 -0.28 0.315%**
(0.068) (0.068) (0.148) (0.100)
Intermediate Voc.: Professional, scientific anchte&ct. 0.261* 0.331* 0.276 0.527**
(0.133) (0.134) (0.185) (0.200)
Intermediate Voc.: Energy, Electricity, gas, Water 0.058 0.042 -0.049 0.234**
(0.075) (0.075) (0.542) (0.102)
Higher Voc.: Accommodation and food service 0.248%* 0.273*** 0.235** 0.461***
(0.092) (0.092) (0.113) (0.162)
Higher Voc.: Entertainment and recreation -0.528*** -0.516*** -0.387* -0.425**
(0.146) (0.146) (0.229) (0.198)
Higher Voc.: Construction 0.341%** 0.291%** 0.485*** 0.356***
(0.099) (0.099) (0.161) (0.137)
Higher Voc.: Human health and social work actitie -0.141** -0.120* -0.178** 0.032
(0.067) (0.067) (0.074) (0.206)
Higher Voc.: Information and communication 0.230*** 0.220%** 0.318*** 0.356***
(0.062) (0.062) (0.097) (0.097)
Higher Voc.: Manufacturing 0.358*** 0.346*** 0.405*** 0.504***
(0.066) (0.066) (0.109) (0.102)
Higher Voc.: Other service activities -0.323*** -0.320%*** -0.409*** -0.081
(0.088) (0.088) (0.102) (0.179)
Higher Voc.: Professional, scientific and technical 0.404*** 0.406*** 0.448*** 0.427*
(0.106) (0.106) (0.136) (0.174)
Higher Voc.: Energy, electricity, gas and watergyp 0.319%** 0.313*** 1.218%** 0.470%**
(0.075) (0.075) (0.355) (0.103)
Higher Voc.: Wholesale and retail trade and repainotor v. 0.243*** 0.242*** 0.163 0.437***
(0.0712) (0.071) (0.118) (0.106)
FIP: Accommodation and food service activities -0.712* -0.686* -1.524 -0.816**
(0.375) (0.376) (1.065) (0.412)
FIP: Administrative and support service activities -0.894** -0.886** -1.786* -0.929**
(0.361) (0.361) (1.056) (0.386)
FIP: Agriculture -0.754* -0.756* -2.037* -0.621
(0.391) (0.391) (1.098) (0.407)
FIP: Human health and social work activities -0.976** -0.974*** -1.826* -1.127%+*
(0.369) (0.370) (1.061) (0.422)
FIP: Information and communication -0.803** -0.772* -1.594 -0.766**
(0.360) (0.360) (1.057) (0.366)
FIP: Manufacturing -0.680* -0.681* -1.869* -0.525
(0.358) (0.359) (1.060) (0.362)
ETCO: Construction 0.199 0.164 -2.260** 0.227
(0.640) (0.641) (2.090) (0.794)
ETCO: Human health and social work activities 0.018 -0.015 -2.158** 0.401
(0.649) (0.650) (1.082) (0.838)
ETCO: Information and communication -0.045 -0.050 -DB60* -0.191
(0.651) (0.653) (1.087) (0.815)
ETCO: Manufacturing 0.088 0.046 -2.303** 0.131
(0.640) (0.641) (1.085) (0.794)
Observations 9220 9220 9220 9220
LR y° 2676.87** 2703.19*** 2869.86*** 3017.10***
Note: Only significant coefficients are reported.

Base case: Spanish female, with mother and fathierlewer than Primary education, who has a higloerational qualification in

the administration field completed in 2001, livimgAndalusia. For the models that also controldkitl mismatch, the base case is
an individual in a job which matches their quabfion level. All models also control for nationglinumber of training courses
taken since 2001, parental education, other qoalfifins acquired, region.
Standard errors in brackets. *** significant at 1significant at 5%, * significant at 10%.
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! The total funding on education increased by 14 86tn 2000 to 2005 (author’'s own calculations from
MEC, 2008) in real terms (41.1% in constant tefreyvever funding slightly decreased as a proportio
of GDP (4.33% of GDP in 2000 and 4.24% in 2005).

Z Due to data constraints they are not able to nurattbn models distinguishing between access to
significant and non-significant jobs.

% Commisioned by the Ministries of Education ande8ce, Work and Social Affairs and INE.

* These occupationally oriented vocational prograntsude practical work experience as part of a
student’s programme of study. However, this traroftgn occurs at the person’s place of study, rathe
than a workplace.

® |t is assumed that this censoring is independetitechazard rate, after controlling for other &ast

® This is the major advantage of the duration m@detompared to traditional econometric estimation
techniques (OLS, Probit, etc), i.e. they treateadightly events occurring at the beginning of théoake
from those occurring at the end, as conditions hease changed. In other words, they properly allov f
both incidence and duration before the event oc@dditionally they overcome some of the problems i
dealing with right censored observations.

"In practical terms there is not much differencesMeen the results generated by continuous or descre
hazard models with the data used in this papenlBeshich compare different continuous and diseret
duration models are available on request.

8 Risks sum up to time (t).

® Nonetheless comparissons are constrained as finitida of FSJ is more restrictive that the comryon
used definition of employment (namely finding aokp).

e reports negative duration dependence for yooeig, but not for women.

1 van den Berg (2001) stressed the risk of obtaibiag estimates if wrong parametric assumptions are
imposed to estimate duration models. Neverthelessrum different parametric models that may be
obtained from the authors on request. The restilthase parametric models do not vary substantially
from the ones reported here.

12\We provide the coefficients. The odds ratios mayehsily obtained from the following identities:

Ply=1j)|_ _(PY=1)|_ x5-5)
log ——=|=x(B -6)=| =—=|=e" " "
g(P(y:i) CmP=hy =iy
'3 The relationship between the vocational qualifaratacquired and time to a FSJ could be blurred if
significant numbers of youth return to do furthirdy or training in the intervening period. To amhtfor

this, we limited the sample to those who did notéase their education level over the period. Reslid
not change substantially.
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